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Short-term Traffic Flow Forecast Based on Modified WOA
Optimized LSTM Neural Network

ZENG Rong, HUANG Deqi, WEI Xia, ZHAO Henghui

(School of Electrical Engineering, Xingiang University, Urumgi Xinjiang 830017, China)

Abstract : Aiming at the problem of short-term traffic flow prediction at intersections in urban traffic, this paper
proposes an IWOA-LSTM model, which is based on the traditional WOA algorithm and initializes the initial
population with tent chaos. At the same time, the linearly decreasing convergence factor is improved into a non-
linear way, and the improved IWOA algorithm is combined with the LSTM neural network model. The resulting
IWOA-LSTM model improves the accuracy of traffic flow prediction. This paper selects 8 benchmark test functions
to perform performance testing and simulation experiments on the IWOA algorithm, which verifies the advantages
of the improved IWOA algorithm in convergence speed and accuracy. The prediction results of the IWOA-LSTM
model and the PSO-LSTM model are compared with the actual traffic flow respectively, and the conclusion that
the IWOA-LSTM algorithm has a smaller error is obtained.
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