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A Review of Research on Reinforcement Learning for

Solving Combinatorial Optimization Problems

ZHANG Hongli, ZHU Jiazheng, DONG Yingchao
(School of Electrical Engineering, Xinjiang University, Urumgi Xinjiang 830017, China)

Abstract : Combinatorial optimization problems are widespread in all areas of production practice, and the main
means of solving combinatorial optimization problems usually include the use of heuristic algorithms manually
designed by domain experts and the design of sophisticated solvers to construct a solution in a certain order. As
the complexity of the actual problem gradually increases, such methods can not achieve good results in online
solving, and the results obtained may often be suboptimal. And reinforcement learning gives a good alternative to
solve such problems rapidly by well-training an intelligent body model. Therefore, this paper reviews the recent
research on applying the reinforcement learning framework to combinatorial optimization problems, summarizes
and reviews its basic principles, related methods and application studies, and points out several problems that need
to be addressed in this direction in the future.
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